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[Abstract] Objective: To investigate the research landscape and frontier hotspots of lung cancer research in the appli-
cation of CT-based artificial intelligence through a bibliometric analysis. Methods: A comprehensive search of the PubMed
database was conducted to identify literature published between January 2017 and December 2025 focusing on studies in-
tegrating artificial intelligence and CT imaging for lung cancer.Utilizing the collected data,a global distribution network of
pertinent literature was established.Subsequently,data mining and analysis were performed, focusing on aspects such as au-
thors, national publication distribution,and emerging thematic trends.Results: Between January 2017 and December 2025,a
total of 118 academic journals published pertinent articles,amounting to 274 publications, with an average annual output of
30 articles. The journal European Radiology emerged as the most prolific in terms of article count, while China led in the
number of publications, followed by the United States. Within the scope of this study, Sichuan University demonstrated the
highest frequency of participation among research institutions.Keyword analysis revealed that "artificial intelligence," "deep
learning," and "lung cancer" were the most frequently occurring terms. Trend analysis indicated that over the past three
years,research has predominantly concentrated on keywords such as "radiomics," "non-small cell lung cancer," "lung canc-
er screening," "computed tomography," and "pulmonary nodules," suggesting these areas may represent key research di-
rections for future professionals in related fields.Conclusion: The clinical application of CT-based artificial intelligence in
non-small cell lung cancer,along with research on lung cancer screening and studies on lung cancer radiomics,is anticipated
to be a focal point of future research endeavors.

[Key words] Lung cancer; Tomography,X-ray computed; Artificial Intelligence; Bibliometrics; Visual analysis
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